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Progress of machine learning in the research of Baijiu origin traceability

CHENG Tie-Yuan', XIAO Yu', XUE Kang', ZHAO Yu-Shu?, LIU Jun',
GUO Yun-Xia®, HU Jiang-Tao"
(1. Technology Center of Chengdu Customs, Chengdu 610041, China; 2. Sichuan Yibin Global Shenzhou Packaging

Technology Co., Ltd., Yibin 644000, China; 3. Yibin Vocational and Technical College, Yibin 644000, China;
4. Sichuan International Travel Health Care Center, Chengdu 610042, China)

ABSTRACT: Machine learning is of great value to the application effect of Baijiu origin traceability technology.
Baijiu origin traceability is mainly based on the differences of Baijiu from different origins in physical and chemical
aspects, and detection and analysis are carried out by chromatography, spectrum, mass spectrometry and other
technologies, its general technical route: To detect and analyze Baijiu samples from different places in China, in order
to find the differences between Baijiu from different places, establish a model to analyze the relevant data obtained,
so as to facilitate better classification and prediction. In this process, machine learning often plays a very important
role, which can not only make up for the shortcomings of some existing data analysis methods, but also effectively
leverage the advantages of related detection technologies. Machine learning has expanded the depth and breadth of

the application of related detection technologies. This paper reviewed the application of machine learning in the
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research of origin traceability of Baijiu and other food, agricultural products, and traditional Chinese medicine,

mainly in combination with detection technology, discussed the application effect of machine learning in the research

of Baijiu origin traceability, and prospected its future development and application, which can provide important

technical support for administrative law enforcement of Baijiu origin adulteration.
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Table 1 Partial research cases on the combination of machine learning and mass spectrometry technology
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Table 4 Partial research cases on the combination of machine learning and intelligent sensory technology
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