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Research progress of walnut non-destructive testing technology

GUO Xiao-Yu, LI Wei', WANG Ying-Biao

(College of Mechanical Engineering and Transportation, Southwest Forestry University, Kunming 650224, China)

ABSTRACT: Walnut has a variety of varieties, pure taste, delicate taste, high oil yield, can strengthen the brain and
intelligence, replenish qi and nourish blood, moisturize phlegm, prevent cancer and fight cancer, is an agricultural
product with a long history of cultivation and rich nutritional value in China, and has the reputation of “long live son”
and “longevity fruit”. However, in the process of growth and processing of walnuts, affected by factors such as origin,
variety, climate, storage environment, processing equipment and other factors, it is easy to cause different walnut
quality, and even mildew, pests and deterioration, etc., affecting walnut quality and subsequent deep processing. In
order to ensure the quality of walnut products, walnuts need to be detected and graded, and non-destructive testing
technology can detect them efficiently and quickly without damaging the walnuts themselves, avoiding sample
composition and nutrient loss during the testing process, so it is widely used in walnut testing. This paper summarized
the three non-destructive testing technologies, compared and analyzed the advantages and disadvantages of 3 kinds of
non-destructive testing technologies, summarized the application research progress of non-destructive testing in
walnut-related testing from four aspects: Origin variety detection, internal quality testing, external defect detection

and foreign body classification detection, puts forward the problems existing in walnut-related testing, and looks
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forward to the development prospects of walnut nondestructive testing research, providing a reference for the

application of non-destructive testing technology in walnut related fields.

KEY WORDS: variety and quality testing; non-destructive testing; walnut
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Fig.l Nondestructive testing flow chart
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