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Research progress on nondestructive testing and grading technology
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ABSTRACT: The egg industry is an important part of the world's agricultural industry, and it is also a key
component of agriculture as an important industry related to people's livelihood and social stability. Currently, poultry
enterprises mainly rely on manual selection and classification, which is high labor intensity and low efficiency with
low detection accuracy. Therefore, the rapid nondestructive testing and grading research of egg quality is of great
significance to the development of the industry. Based on previous studies, this paper summarized the widely used
nondestructive testing methods including acoustic detection, machine vision detection, and optical detection methods
to clarify the applicability of different nondestructive testing methods. The acoustic detection is mainly used in eggs
surface crack detection and classification. Machine vision technology is mainly used to detect the size, color, and
other appearance parameters of eggs. Optical properties testing is mainly used for internal quality testing of poultry
eggs such as freshness. This paper is expected to support the development of intelligent classification technology in
the egg industry.
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Fig.l1 Detection of whole eggs using Terahertz signal (reflected Terahertz pulse)
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